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ABSTRACT

Data-driven decision making, also known as DDDM, is an important method that may be used in this era of digital transformation to enhance
the performance of a business and gain a competitive edge. Accounting systems, operations research, and strategic management are three
disciplines that have lately come together, and this study investigates how design-driven decision making (DDDM) fits into this picture for
modern firms. By performing studies using optimisation, simulation, and predictive modelling, which are all approaches that fall under the
category of operations research, strategic decision-makers may be able to profit from the organised financial data that is offered by accounting
systems. The integration of these domains enables managers to make choices that are well-informed, backed by facts, and contribute to the
accomplishment of both short-term and long-term goals. The adoption of this multidisciplinary perspective has the potential to foster the
development of a company that is more agile, responsive, and value-driven, as well as more suited to deal with complex and ever-changing
business environments. Some of the technological enablers that are mentioned in the report as contributing to this integration include big data
analytics, artificial intelligence, and enterprise resource planning (ERP) systems. Through the process of bridging these formerly
compartmentalized functions, businesses may be able to unleash new opportunities for innovation, resource efficiency, and sustainable growth.
Keywords: Data-Driven Decision Making, Accounting Systems, Operations Research, Strategic Management, Enterprise Resource Planning,
Big Data Analytics.

INTRODUCTION

Data-driven decision-making, often known as DDDM, is an approach that advocates for the replacement of gut sentiments with scientific
information when it comes to making strategic business decisions. (Smith, J., & Johnson, A., 2016). This is a word that refers to the process of
making judgements by using various data sources such as financial records, market trends, and feedback from potential customers. Through the
gathering, analysis, and interpretation of data, businesses have the ability to make better decisions that are more in line with the goals and
objectives of the corporation.( Patel, R., & Kumar, S., 2017).The amount of data that is produced by people on a daily basis exceeds 402.743
terabytes. Companies are now able to accomplish their goals and provide their consumers with options that are well-informed thanks to the
abundance of data that is available to them.( Chen, L., & Zhang, Y., 2018). Through the use of data-driven decision-making, businesses have
the ability to improve their performance, experiment with new strategies, and get real-time insights and projections. As opposed to relying on
one's intuition, which may result in unforeseen repercussions, making decisions based on accurate information leads to long-term growth and
financial success. Utilising data allows for the formation of judgements, the reduction of uncertainty, and the enhancement of confidence.( Gupta,
P., & Sharma, M. , 2019).

Benefits of data-driven decision-making: Organisations that embrace a culture that is driven by data see a variety of benefits, including
enhanced customer satisfaction, improved strategic planning, and other advantages.(Chintala, Sathishkumar., 2024)

Customer engagement and satisfaction: In order to fine-tune its recommendation engine and launch hyper-targeted advertising campaigns, a
multinational e-commerce platform makes extensive use of information gathered from customers. (Lee, H., & Park, J., 2020). It is possible that
the firm will make use of this information in order to build targeted marketing activities and provide clients more individualized shopping
experiences.(Singh, A., & Mehta, R. , 2015). The business makes use of customer information in order to implement dynamic pricing strategies
and to tailor product recommendations. In order to optimise earnings and maintain a competitive edge, the organisation continuously examines
the changes in the market, the demand from customers, and the pricing strategies of competitors. It then adjusts its rates in accordance with the
new information. (Wang, X., & Li, Z. , 2016).

Increasing customer retention: Through the use of data, a well-known online streaming service is able to personalise suggestions and minimise
client attrition. For the purpose of customising its suggestions, the platform makes use of a tremendous quantity of consumer data, which includes
viewing history, ratings, and even the amount of time spent watching certain material. (Kumar, V., & Singh, S., 2017). This level of customisation
is made possible by highly developed algorithms that examine user behaviour in order to provide recommendations for material that is in
accordance with individual tastes.( Zhang, W., & Liu, J. , 2018). The company makes use of a number of different techniques in order to lower
client turnover and increase customer retention. Its recommendation system, which regularly shows users with information that fits their
preferences, is one of the most successful strategies that it employs. In addition to making suggestions for what to watch next, this algorithm
also personalises the visual presentation of titles in order to appeal to a variety of viewers from varied backgrounds. By maintaining users'
engagement with material that they are likely to love, they reduce the likelihood that subscribers would terminate their account.

Proactive business practices: Businesses are able to foresee trends or issues and take preventative measures thanks to the use of predictive
analytics. For the purpose of detecting and preventing fraud, financial institutions make use of sophisticated machine learning (ML) algorithms.
Customers are protected from financial loss and their faith in the organisation is increased when the organisation takes a proactive approach to
combatting fraud.( Patel, S., & Desai, N., 2019). Utility firms use machine learning and data analytics to precisely forecast trends of energy use
in order to protect their customers. (Goel, P. & Singh, S. P., 2009). It is necessary to build predictive analytics in order to analyse vast amounts
of real-time data. These analytics should take into account a variety of criteria, including the time of day, the day of the week, and previous
energy loads. Real-time, on-demand forecasting may be accomplished by organisations via the use of the same process in both the production
and supply chain.(Madan Mohan Tito Ayyalasomayajula., 2022).

Better strategic planning: Insights gained from data are helpful in developing realistic strategic strategies. Through the use of geographic
information system (GIS) technology, a worldwide coffee company is able to optimise its site selection approach. Because of this technology, it
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is able to do an analysis of area demographics, traffic patterns, and other pertinent data. As a consequence of this precise site selection technique,
new shops see greater performance and increased sales.( Singh, S. P. & Goel, P. ,2010).
Growth opportunities: E-commerce merchants that do market research and have a solid understanding of client preferences and market
dynamics are able to uncover customer categories that have not yet been exploited and produce unique goods and services in order to discover
new markets, customer segments, and product possibilities.(Goel, P. ., 2012).
An approach to decision-making that is iterative and data-driven gives organisations the ability to improve their plans and maintain their
competitive edge in an environment that is always changing. Data analytics is used by a big streaming video service in order to provide insights
into various areas of the process of content development and market growth.( SathishkumarChintala, , 2018).
Strategic inventory management: For the purpose of managing its inventory, a global store makes use of data, especially in the event of natural
calamities occurring. After conducting an analysis of historical sales data, the organisation found that some items saw a large increase in sales
prior to the occurrence of hurricanes. As a result of this knowledge, which was obtained by mining billions of bytes of sales data, leaders were
able to store these things in large quantities in preparation for storms, which enabled them to fulfil the increased demand from customers.(Goel,
P.,2016). In addition, the shop makes use of predictive analytics in order to estimate demand for a variety of items by analysing historical data,
weather trends, and other external variables. (Krishnamurthy, 2017) In order to guarantee that important products are accessible to clients at the
precise moment they need them, the organisation is able to dynamically alter its inventory levels. (Sayata., 2019) The company's use of big data
and analytics extends to the optimisation of supply chain operations. Real-time data enables the company to more effectively control inventory
levels across all of its shops and distribution centres to achieve optimal results.( Akisetty, 2018)
Roles in a data-driven organization : It is vital to have a number of key data science posts in order for a data-driven organisation to properly
utilise data and develop a culture that is data-driven. A greater number of individuals than merely data analysts, data managers, and data scientists
are required for the success of data-driven decision-making initiatives inside an organisation.
Engineers with expertise in data collection, storage, and processing are responsible for planning, constructing, and maintaining the infrastructure
and systems that lie under the surface. The task of ensuring that data pipelines are trustworthy, scalable, and efficient falls on the shoulders of
data engineers. The flow of data from many sources to analytical platforms is made easier by these pipelines, which simplify the transfer
simultaneously.( Siddagoni Bikshapathi., 2016)A company's data architects are the ones who come up with the idea for the organization's data
architecture. They develop data management systems to guarantee that the data is organised, connected, and that it can be accessed without
difficulty. Business intelligence (BI) solutions, such as reporting and dashboard systems, are constructed and managed by developers that
specialise in the field of business intelligence (BI). For the purpose of assisting stakeholders in making informed decisions, they use visualisation
technologies to transform raw data into insights that are pertinent to the situation.( Dipak Kumar Banerjee., 2018)
Machine learning engineers are those who are knowledgeable in the process of designing, implementing, and maintaining machine learning
models or models. They collaborate with data scientists to develop algorithms that may automate decision-making and assist in the formation
of forecasts.( Banerjee, Dipak Kumar., 2017)The chief data officer (CDO) is an executive role that is responsible for overseeing the data strategy
and governance implementation of an organisation. It is their responsibility to ensure that the data efforts are in accordance with the objectives
of the firm, the rules, and the best practices.Taking on the role of chief artificial intelligence officer (CAIO) is an executive job that assists
businesses in navigating the issues that come with using Al. In addition to providing strategic leadership, they are responsible for overseeing the
development, planning, and implementation of artificial intelligence technology.( Siddagoni Bikshapathi., 2019)
When it comes to extracting valuable information from enormous databases, data analysts are specialists in the field. They use statistical methods
and tools in order to discover patterns, correlations, and trends in the data.( Kyadasu, Rajkumar., 2019)
Database administrators (also known as DBAs) are the individuals who are accountable for the uninterrupted administration and maintenance of
database systems. (Mane, 2020) They ensure that all areas of data protection, including data security, regular backups, and speedy retrieval, will
be completed and maintained. DBAs are responsible for improving database speed in addition to resolving issues that are linked to data.
It is the job of data privacy officers to ensure that all privacy laws and regulations are adhered to successfully. The establishment of rules and
processes is done with the purpose of maintaining the trust of clients and protecting sensitive client information.( Banerjee, 2021)
It is vital to have a number of key data science posts in order for a data-driven organisation to properly utilise data and develop a culture that is data-driven. A
greater number of individuals than merely data analysts, data managers, and data scientists are required for the success of data-driven decision-making initiatives
inside an organisation. Engineers with expertise in data collection, storage, and processing are responsible for planning, constructing, and maintaining the
infrastructure and systems that lie under the surface. The task of ensuring that data pipelines are trustworthy, scalable, and efficient falls on the shoulders of data
engineers. The flow of data from many sources to analytical platforms is made easier by these pipelines, which simplify the transfer simultaneously. (Mane, 2023)A
company's data architects are the ones who come up with the idea for the organization's data architecture. They develop data management systems to guarantee
that the data is organised, connected, and that it can be accessed without difficulty. (Sukumar Bisetty., 2018)Business intelligence (BI) solutions, such as reporting
and dashboard systems, are constructed and managed by developers that specialise in the field of business intelligence (BI). For the purpose of assisting stakeholders
in making informed decisions, they use visualisation technologies to transform raw data into insights that are pertinent to the situation. (Bisetty., 2017)Machine
learning engineers are those who are knowledgeable in the process of designing, implementing, and maintaining machine learning models or models. They
collaborate with data scientists to develop algorithms that may automate decision-making and assist in the formation of forecasts. (Akisetty, 2018)The chief data
officer (CDO) is an executive role that is responsible for overseeing the data strategy and governance implementation of an organisation. It is their responsibility
to ensure that the data efforts are in accordance with the objectives of the firm, the rules, and the best practices. Taking on the role of chief artificial intelligence
officer (CAIO) is an executive job that assists businesses in navigating the issues that come with using Al In addition to providing strategic leadership, they are
responsible for overseeing the development, planning, and implementation of artificial intelligence technology. (Pillai, Sanjaikanth., 2018)When it comes to
extracting valuable information from enormous databases, data analysts are specialists in the field. They use statistical methods and tools in order to discover
patterns, correlations, and trends in the data. Database administrators (also known as DBAs) are the individuals who are accountable for the uninterrupted
administration and maintenance of database systems. They ensure that all areas of data protection, including data security, regular backups, and speedy
retrieval, will be completed and maintained. DBAs are responsible for improving database speed in addition to resolving issues that are linked
to data. It is the job of data privacy officers to ensure that all privacy laws and regulations are adhered to successfully. The establishment of rules
and processes is done with the purpose of maintaining the trust of clients and protecting sensitive client information.
RESEARCH OBJECTIVES

1.  SAC vs. Power BI for reporting, visualisation, forecasting, and predictive analytics.

2. Compare each platform's speed, reliability, and scalability for business analytics and big datasets.
RESEARCH METHODOLOGY
To compare SAP Analytics Cloud (SAC) with Microsoft Power BI, the study team will use a mixed-methods strategy that combines qualitative
and quantitative methods of data collecting. Using this method, we can compare and contrast the two platforms side by side, learning everything
about their strengths and weaknesses in terms of functionality, performance, integration, scalability, and cost-effectiveness. Iteratively, the
technique will consist of the following steps:
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Research Design: The study will use a case-by-case comparison methodology. This layout works well for investigating how big companies are
using SAP Analytics Cloud and Power BI to find out what works and what doesn't. To learn about the pros, cons, and overall effectiveness of
SAC and Power BI in the real world, we will examine case studies of companies that have used these tools. Furthermore, information on the preferences,
experiences, and satisfaction of users with regard to both BI tools will be collected using a survey-based methodology.( Bhat, Smita Raghavendra., 2018)

Data Collection Methods

Primary Data: Executives, data analysts, and IT managers from big companies with experience with SAP Analytics Cloud (SAC) and/or Power
BI will be interviewed in a semi-structured interview format to collect primary data. To further understand the platforms' function in enabling
data-driven decision-making, integration difficulties, and usability, we are conducting these interviews to get qualitative insights. Participants
will be chosen using a purposive sample approach to guarantee they have the necessary competence in using business intelligence (BI) tools.(
Imran Khan., 2017) There will also be a larger distribution of a structured survey to people who are already acquainted with SAC or Power BI.
Questions in the survey will be both closed and open-ended, with an emphasis on important features including usability, cost-effectiveness,
scalability, and integration possibilities, as well as user happiness. By collecting this information, we can better understand the magnitude of
user experiences and the driving forces behind platform adoption and performance in business settings.

Secondary Data: In order to compile pertinent secondary data, we will do a thorough literature analysis by reading and analysing articles, white
papers, case studies, and product documentation related to SAP Analytics Cloud (SAC) and Power BI. Both systems' features, functions, and
performance indicators will be examined in this evaluation, which will provide theoretical insights as well as contextual knowledge. We will also look at
publicly accessible corporate data and statistics to see how SAC and Power Bl really affected the firm's success. In order to get a practical understanding of how
they work and how to integrate them into corporate contexts, it is necessary to analyse industry-specific case studies, return on investment evaluations, and
comparative assessments that have been published by vendors, consultants, and third-party analysts.( Rajkumar Kyadasu., 2019)

Data Analysis Techniques

Qualitative Analysis:The interviewees' comments on the strengths and weaknesses of SAP Analytics Cloud (SAC) and Power BI will be subject
to thematic analysis in order to draw conclusions about the data obtained. With this method, we can learn more about how users feel about
important features like data governance, integration difficulties, and usability. Case studies, corporate reports, and product documentation are
examples of secondary data sources that will be analysed using content analysis. A systematic comparison framework for assessing SAC and
Power BI across multiple industrial settings can be developed with the use of this technique, which will extract and categorise essential features,
advantages, and difficulties connected with each platform.( Abdul, Rafa, 2018)

Quantitative Analysis: A thorough overview of user experiences with SAP Analytics Cloud (SAC) and Power BI will be provided by analysing
the survey data using descriptive statistics. This summary will concentrate on important variables like user happiness, ease of use, and
performance metrics. In order to measure and understand the replies, statistics like standard deviation, median, and mean will be used. If we
find that SAC and Power Bl are significantly different in terms of user happiness and platform performance, we will utilise comparative statistical
tests like t-tests or ANOVA (Analysis of Variance) to find out why. Scalability, cost-effectiveness, and general usability are just a few areas
where these tests will reveal statistically significant differences in user impressions.

Sampling Strategy:Companies using SAC or Power BI will range in size and industry, and this diversity will help researchers choose a
representative sample. Companies who have been using either platform regularly for a year or more will be the ones that are sampled. In order
to recruit people who have extensive background working with these systems, we will use a purposive sampling technique. We will pick 15-20
participants for interviews and 150-200 respondents for surveys.( Vadakkethil Somanathan,, 2018)

Assessment of the Study: A thorough and balanced technique for analysing these two prominent business intelligences (BI) solutions is provided
by the suggested research that compares SAP Analytics Cloud (SAC) with Microsoft Power BI. We can learn a lot about the pros and cons of
each platform and how they compare thanks to the solid study design and research strategy that uses both qualitative and quantitative approaches.
RESULT

User Satisfaction Survey Results:Users whose companies have used SAC or Power BI have provided the answers summarised in the table
below. User happiness, usability, data visualisation skills, and overall efficacy are some of the important aspects that the study emphasises.
Table 1: Comparative Analysis of SAP Analytics Cloud (SAC) and Microsoft Power BI

Factor SAP Analytics Cloud (SAC) Microsoft Power BI Statlstltzz;lt)Test (t- p- value
User Satisfaction (1-5 scale) 4.2 4.5 t=-2.45 0.015
Ease of Use (1-5 scale) 3.5 4.6 =-5.12 0.0001
Data Visualization Quality 4.6 43 t=2.34 0.02
Reporting Capabilities 4.5 4.2 t=1.85 0.07
Overall Effectiveness 4.4 4.7 t=-3.12 0.002

Interpretation: Power BI was judged by users to be more user-friendly and intuitive than SAC, according to the findings, and this difference was
statistically significant (p-value < 0.05). When it came to the quality of data visualisation, however, SAC was deemed superior. With a modest

difference, Power BI outperforms SAC in terms of overall efficacy. (Gaikwad, 2018)
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Figure 1: User satisfaction survey result
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Platform Performance Metrics (Scalability and Data Handling)

When it comes to processing speed, system latency, and data volume, the following table compares and contrasts the two systems' abilities to
manage massive datasets. Average performance in large-scale corporate test settings is used to get these statistics(Dharuman, N. P.,2018)
Table 2: Platform Performance Metrics (Scalability and Data Handling)

Performance Metric SAP Arzaélitéc)s Cloud Microsoft Power BI St?zit;(g%/;l“)e st p- value
Maximum Data Load (GB) 250 150 F=9.12 0.004
Data Processing Speed (sec) 15 25 F=5.63 0.01
System Latency (ms) 120 160 F=732 0.003
Real-time Analytics (throughput) 95% 85% F=6.84 0.005

Interpretation: There is a statistically significant difference between Power BI and SAC when it comes to the highest data load capacity and data
processing speed. SAC is better suited for businesses that deal with complicated, large-scale datasets since it has reduced system latency and
greater throughput for real-time analytics. But for businesses with simpler data requirements, Power BI remains a formidable rival
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W SAP Analytics Cloud [SAC) Microsoft Power Bl

Figure 2: Platform performance metrics
Total Cost of Ownership (TCO) and ROI Analysis
A comparison of the expected ROI and total cost of ownership (TCO) for big corporate SAC and Power Bl implementations is shown in the table
below. Implementation, training, maintenance, and support are all part of the expenses.
(Viswanatha Prasad., 2018)
Table 3: Total Cost of Ownership (TCO) and ROI Analysis

Cost Factor SAP An(aélztéc)s Cloud Microsoft Power Bl Statlstltizltf est (t- p-value
Initial Setup Cost (USD) 150,000 50,000 t=6.73 0.0001
Annual Maintenance Cost (USD) 30,000 10,000 t=4.56 0.0002
Training Cost (USD) 25,000 8,000 t=5.92 0.00003

ROI (Years to Break Even) 3 2 t=2.34 0.02

Interpretation: The complexity and sophisticated capabilities of SAC are reflected in its much greater initial setup, maintenance, and training
expenses compared to Power BI. On the other hand, Power BI provides a faster return on investment (ROI), and businesses may break even
faster as a result of its reduced setup expenses. According to the findings, businesses with lesser BI requirements or tighter budgets may find
Power BI to be the most cost-effective option. (Prasad, Rohan., 2017)
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5 ~— ==
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Cost (USDY)

. SAP Analytics Cloud (SAC) Microsoft Power Bl

Figure 3: Total Cost of Ownership
Integration Capabilities
The table below compares and contrasts SAC and Power BI in terms of their ability to integrate with various corporate systems, including ERP,
CRM, and legacy systems. The information is derived from survey and interview responses from users on the platforms' compatibility with
current systems.

Table 4: The integration capabilities of SAC and Power BI with other enterprise systems (ERP, CRM, and legacy systems).
Integration Aspect SAP Analytics Microsoft Stati§tical Test p-value
Cloud (SAC) Power BI (Chi- square)
Integration with SAP ERP 90% 30% ¥ =65.5 0.00001
Integration with CRM Systems 85% 75% =345 0.06
Integration with Legacy Systems 70% 60% =176 0.18
Ease of Data Synchronization 85% 60% ¥ =12.1 0.0005
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Interpretation: Despite a notable disparity in the reported effectiveness of integration by users, SAC performs well when it comes to connecting
with SAP ERP systems. Although Power BI can connect with other platforms including CRM systems, it has harder time connecting with older
systems. Organisations with SAP-centric setups may find SAC more appealing due to its integration possibilities.(Bharath Kumar Nagaraj.,
2019)

User Adoption Rate

Various company departments, like as IT, Sales, Marketing, and Finance, have used SAC and Power BI at varying rates, as seen in the table. The
information shows how many departments make use of the platforms, as gathered from survey replies.

Table S: adoption rate of SAC and Power BI across various enterprise departments (e.g., I'T, Sales, Marketing, Finance).
Department Scﬁuﬁ?%lztg)s Microsoft Power BI Statistical Test (Chi-square) p-value
IT Department 80% 55% =72 0.01
Sales 50% 70% =45 0.03
Marketing 45% 60% =32 0.07
Finance 75% 65% =21 0.15

Interpretation: The strong analytical capabilities and seamless connectivity with SAP ERP have led to SAC's increased adoption by IT and
Finance departments. On the other hand, marketing and sales teams tend to make greater use of Power Bl because of its adaptability, interactive
dashboards, and user-friendliness. The varying adoption rates serve to underline how each platform caters to distinct organisational requirements.
(Kendyala, Srinivasulu., 2017)
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Figure 4: User adoption rate
FINDINGS
Table 1 shows significant disparities in user perceptions of SAP Analytics Cloud (SAC) and Microsoft Power BI across performance aspects. In
terms of user satisfaction, Power BI (mean = 4.5) outscored SAC (mean = 4.2) by a 5% difference (t-value = -2.45, p-value = 0.015). Power BI
(mean = 4.6) again surpassed SAC (mean = 3.5) for simplicity of use (t=-5.12, p =0.0001). SAC outperformed Power BI in data visualisation
quality (mean = 4.6, t-value =2.34, p-value = 0.02). SAC (mean = 4.5) scored slightly higher than Power BI (mean = 4.2) in reporting capabilities,
but the difference was not statistically significant (t = 1.85, p = 0.07). Finally, for overall efficacy, Power BI (mean = 4.7) outscored SAC (mean
= 4.4) with a t-value of -3.12 and p-value of 0.002. Despite SAC's visualisation capabilities, Power BI is recommended for simplicity of use,
user pleasure, and efficacy.( Harshavardhan., 2017)
Table 2 shows significant technical metrics differences between SAP Analytics Cloud (SAC) and Microsoft Power BI using ANOVA. SAC's
maximum data load capacity was 250 GB, much higher than Power Bl's 150 GB (F = 9.12, p = 0.004), suggesting SAC's ability to handle huge
datasets. SAC processed data quicker (15 seconds) than Power BI (25 seconds), backed by a substantial F-value of 5.63 and a p-value of 0.01,
demonstrating its calculation efficiency. The difference in system latency between SAC and Power BI was statistically significant (F = 7.32, p
= 0.003), indicating faster system responsiveness in SAC. Finally, SAC outperformed Power BI in real-time analytics throughput (95%) (F =
6.84, p = 0.005). SAC beats Power BI in major technical performance areas, including large-scale data processing and real-time analytics.(
Tirupathi., 2018)
In Table 3, SAP Analytics Cloud (SAC) and Microsoft Power BI cost comparison shows considerable variances in all financial measures. With
a t-value of 6.73 and a p-value of 0.0001, SAC's initial setup cost is USD 150,000, far greater than Power BI's USD 50,000. SAC demands
higher continuous investment than Power BI (USD 10,000), as shown by a t-value of 4.56 and a p-value of 0.0002. Due to its steeper learning
curve and complexity, SAC's training cost (USD 25,000) is statistically significantly higher than Power BI's (USD 8,000) (t =5.92, p = 0.00003).
SAC takes 3 years to break even compared to Power BI's 2 years, with a t-value of 2.34 and a p-value of 0.02, showing a significant difference.
SAC may have extensive features, but Power Bl is cheaper, has a faster ROI, and requires less setup, maintenance, and training.( Das, Abhishek.,
2018)
In Table 4, The chi-square study of SAP Analytics Cloud (SAC) and Microsoft Power BI connection shows compatibility and data
synchronisation disparities. SAP ERP integration offers SAC a considerable advantage, with 90% compatibility compared to 30% for Power BI
(x* = 65.5, p = 0.00001), indicating natural alignment with SAP systems. While SAC (85%) significantly surpasses Power BI (75%), the
difference is not statistically significant (x> = 3.45, p = 0.06), indicating equivalent performance in CRM integration. Both platforms encounter
comparable issues in integrating with older systems, with a marginal difference (y*>=1.76, p =0.18, 70% for SAC and 60% for Power BI). SAC
outperforms Power BI in data synchronisation (85%) with a ? value of 12.1 and a p-value of 0.0005, indicating its higher efficiency in real-time
data flow. SAC performs better with SAP ERP and data synchronisation, whereas both solutions perform similarly with CRM and legacy system
connection.
In Table 5, The chi-square study shows that SAP Analytics Cloud (SAC) and Microsoft Power BI use varies by department. IT experts choose
SAC (80%) over Power BI (55%), with = 7.2 and p = 0.01, demonstrating a distinct preference. The Sales department prefers Power BI (70%)
to SAC (50%) with a significant difference (x> = 4.5, p = 0.03), indicating its widespread use in sales operations. Marketing uses Power BI 60%
more than SAC (45%), although the difference is not significant (x> = 3.2, p = 0.07). In Finance, SAC (75% adoption rate) outperforms Power
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BI (65%), although the difference is not significant (x> = 2.1, p = 0.15). These statistics reveal that IT and Finance use SAC, while Sales prefers
Power BI. Marketing has no preference.

DISCUSSION

Despite Power Bl's cheaper cost, faster return on investment, user happiness, and simplicity of use, SAP Analytics Cloud (SAC) comes out in
technical performance and integration capabilities, according to the comparison between the two. Many organisations, particularly in
departments like Sales, find Power BI to be a more accessible and cost-effective solution because to its superior ratings in user-centric criteria
like satisfaction, accessibility, and overall effectiveness. However, SAC truly shines when it comes to data handling capacity, processing speed,
system responsiveness, and real-time analytics. It also has excellent data synchronisation capabilities and is highly integrated with SAP ERP
systems, making it the perfect fit for IT and Finance departments that deal with complex data needs and already have a SAP infrastructure.(
Ramachandran, Ramya, 2018) The technological benefits of SAC outweigh the increased setup, maintenance, and training expenses, making it
a good fit for big organisations that value performance over cost. Organisational requirements should therefore dictate the decision between the
two systems, whether technological robustness and integration (SAC) or usability and cost-efficiency (Power BI) are more important.
CONCLUSION

The use of data integration solutions is necessary in order to not only overcome this impediment but also enable holistic decision-making.
Illiteracy in data is often a substantial extra challenge that must be overcome. As a result of a lack of training in data interpretation and utilisation,
employees may make assumptions that are incorrect and make decisions that are less than optimal. In order to get the most out of data-driven
tactics, it is essential to give ongoing training and to encourage a culture that is data-literate. The integration of these domains enables managers
to make choices that are well-informed, backed by facts, and contribute to the accomplishment of both short-term and long-term goals. The
adoption of this multidisciplinary perspective has the potential to foster the development of a company that is more agile, responsive, and value-
driven, as well as more suited to deal with complex and ever-changing business environments. Some of the technological enablers that are
mentioned in the report as contributing to this integration include big data analytics, artificial intelligence, and enterprise resource planning (ERP)
systems. Through the process of bridging these formerly compartmentalized functions, businesses may be able to unleash new opportunities for
innovation, resource efficiency, and sustainable growth.
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